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Abstract
Public discourse on AI has become polarized; exaggerated positions on AI in traditional and
social media threaten the development of AI Literacy among the general public. In this article,
I introduce the VET Framework, a method for categorizing AI discourse along the dimensions
of valence, effectiveness, and trajectory. I show how this framework can be used to identify,
compare, and critique prevalent narratives of AI Hype, AI Doom, AI Denial, and AI Normalcy.
Using VET, I analyze how each of these four stances exaggerates some aspects of the current
state and/or likely evolution of AI, and illustrate how the VET framework can serve as an AI
Literacy tool by supporting the “vetting” of polarized AI discourse.

1 Introduction
AI Literacy (Miao et al., 2024; Gunder, 2025; Long & Magerko, 2020; Tadimalla & Maher, 2025) refers
to age- and role-appropriate understanding of what modern AI is (i.e., what products and processes use
AI), how AI works (i.e., what AI is capable of and what its limitations are), and how AI is changing (i.e.,
what is the likely trajectory for AI adoption and how will it impact society). As such, AI Literacy is a
critical skill for the general public and for policymakers, in order to support appropriate and effective
individual, community, corporate, and governmental uses of AI and preparation for societal changes
that may result from widespread adoption of emerging AI technologies.

Formal AI Literacy curricula may play a role in educating target populations (e.g., school-age students,
policymakers, workers in job up-skilling or re-training courses). However, traditional media and social
media discourse play a key role in shaping knowledge of AI among the general adult population, the
large majority of whom do not currently have access to formal AI Literacy content (OECD, 2025;
Laupichler et al., 2022).

At the time of writing (early 2026), both traditional news media and social media in the United States
present polarized caricatures of both the current state of AI and its future evolution (Gilardi et al., 2024);
such depictions either exaggerate or downplay the capabilities, benefits, risks, and likely development
and adoption trajectory of this emerging class of technologies. While some of the narratives I discuss
are present beyond the U.S., AI discourse has high global variance. For example, attitudes toward AI in
China and in parts of the Global South are quite different than in the U.S. (Maslej et al., 2025). Attitudes
in Europe also differ; for example, Europe’s interest in AI sovereignty (having models and data centers
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that are owned by and located within EU countries) (Mügge, 2024) is quite different than current
anti-datacenter backlash in the United States (Gramlich et al., 2026). Various factors contribute to these
regional differences, including government messaging, regulatory frameworks, economic conditions,
and political circumstances.

Exaggerated depictions of AI are an impediment to AI Literacy. I propose the VET framework
for understanding the current nature of prevalent depictions of AI along the dimensions of valence,
effectiveness, and trajectory. Using this framework, I show how different points in this taxonomy
represent four common AI media narratives in the U.S.: Hype, Doom, Denial, and Normalcy. Using the
VET Framework I compare and contrast these narratives and analyze their strengths and weaknesses,
illustrating the framework’s utility as an AI Literacy tool to “vet” the plausibility of opinions about AI.

2 VET: A Taxonomy for AI Discourse
To better understand current media discourse around AI in the United States, I introduce that VET
Framework, which considers three facets of beliefs about AI: valence, effectiveness, and trajectory.

2.1 Valence

The first dimension helpful for analyzing discourse on AI is the valence in attitude toward AI that an
author, media organization, social media post, and/or journalistic artifact exhibits. This axis ranges
from ascribing extremely negative properties to AI to extremely positive ones.

Valence can relate to perceived or anticipated impacts of AI. Negative valence is often associated
with concerns about impacts such as environmental externalities (Li et al., 2025; International Energy
Agency, 2025), job loss (Briggs & Kodnani, 2023), impact on human relationships (Fang et al., 2025;
Phang et al., 2025), the potential for differential impacts on marginalized populations (Gallegos et al.,
2024), or deskilling (Kosmyna et al., 2025; Gerlich, 2025). Positive valence tends to be associated with
excitement about impacts such as elimination of tedious work (Noy & Zhang, 2023), skill expansion
through human-AI teaming (Brynjolfsson et al., 2025b), augmented abilities for people with disabilities
(Goodman et al., 2024; Paglialunga & Melogno, 2025), novel social support opportunities (Morris &
Brubaker, 2025; De Freitas et al., 2025), and acceleration of scientific and medical discovery (Jumper
et al., 2021; Bai et al., 2023).

Valence can also relate to meta-issues associated with AI, such as attitudes toward technology, privacy,
capitalism and wealth inequality, and other political attitudes (e.g., NIMBY-ism, Trumpism (Axios &
The Harris Poll, 2026), pro- or anti-military attitudes, perceptions of China, etc.).

Finally, valence can relate to positive or negative motivations that some may ascribe to the AI itself, i.e.,
the (controversial) belief that AI may currently or in the future be sentient (Bostrom, 2014; Yudkowsky
& Soares, 2025) and may inherently have positive or negative desires as regards human society (i.e., AI
may or may not be aligned with human values (Christian, 2020)).

2.2 Effectiveness

A second useful dimension to consider is the attitude toward the effectiveness of AI. This dimension
ranges from views that consider AI to be a weak and ineffective technology to views that consider AI to
be extremely powerful and capable. Effectiveness encompasses considerations of AI’s accuracy (i.e.,
the rate and severity of errors) and reliability (i.e., whether AI performs consistently and has calibration
for refusing tasks it cannot perform well) (Rabanser et al., 2026). Note that determinations around
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accuracy and reliability, while sometimes presented in absolute terms, may be more actionable when
contextualized in relative terms, i.e., with respect to a particular baseline, often typical or expert human
performance for the same task (Morris et al., 2026).

Effectiveness can also reflect beliefs about direct comparisons of AI capabilities to human ones, with
low effectiveness ratings reflecting the view that AI is not nearly as “intelligent” as humans (Bender
et al., 2021) and higher effectiveness ratings reflecting the view that AI is approaching milestones such
as AGI (Artificial General Intelligence) (Morris et al., 2025).

2.3 Trajectory

Finally, the trajectory dimension reflects attitudes about the rate of AI progress. The trajectory
dimension includes attitudes about the technical trajectory of AI – beliefs about whether technical
progress toward milestones such as AGI, robotics with human-level dexterity, level five self-driving
vehicles, etc., will be fast or slow. The difference between a predicted “slow” versus “fast” technical
trajectory might be quite large, since this may mean a difference in view on whether the trajectory is
likely to be linear or exponential (Kaplan et al., 2020; Lu et al., 2026).

Additionally, this dimension reflects beliefs about the adoption trajectory of AI, such as whether
individuals, corporations, and governments will incorporate AI into their lives and workflows quickly, or
will be delayed by learning curves, regulation, social resistance, or other factors (Narayanan & Kapoor,
2025; Acemoglu, 2025; Brynjolfsson et al., 2021).

Finally, this dimension also reflects beliefs about the impact trajectory of AI. The slow end of the
impact trajectory scale represents concerns such as Amdahl’s Law (Amdahl, 1967), which suggests
certain aspects of tasks and processes may act as bottlenecks that limit the speed with which AI can have
impact (e.g., while AI may speed up parts of the drug discovery process such as identifying candidate
pharmaceuticals, other aspects such as patient trials and the FDA approval process may remain slow and
limit the effective speed of end-to-end AI-powered drug discovery pipelines (Lenarczyk et al., 2025)).
The fast end of the impact trajectory scale predicts near-term, pervasive impacts of AI on many aspects
of life (Amodei, 2024).

3 Identifying and Analyzing Prevalent AI Narratives with VET
Using the VET Framework, I show how different combinations of of valence, effectiveness, and
trajectory identify common narratives about AI, and use the framework to compare and contrast
these narratives. Attitudes about AI effectiveness and AI trajectory are correlated for many narratives
(with Normalcy as a noteworthy exception that illustrates the value of considering perspectives on
effectiveness and trajectory separately), so for simplicity Figure 1 depicts the space of AI attitudes as a
two by two grid, with valence on the y-axis and a combined effectiveness/trajectory dimension on the
x-axis. The four segments of this grid correspond to the four prevalent media attitudes in current U.S.
discourse: AI Hype, AI Doom, AI Denial, and AI Normalcy.

3.1 AI Hype

AI Hype narratives combine a positive valence for AI with predictions of strong effectiveness and a
rapid trajectory of progress, adoption, and impact. Media perspectives aligned with AI Hype imply
that Artificial General Intelligence (AGI), a powerful form of AI that can meet or surpass human
performance across nearly all tasks (Morris et al., 2025), will arrive within a short timeframe of a few

3



Figure 1. The VET Framework: An illustration of how the proposed analytic framework of valence, effectiveness, and trajectory helps to
identify and compare four prevalent narratives in U.S. discourse about AI. Note that, per the framework, AI Normalcy is less strongly
polarized with respect to valence and effectiveness than the other three narratives. Because effectiveness and trajectory are correlated in
many narratives (with Normalcy as a counterexample), for simplicity the framework is visualized as a 2D grid.

years. AI Hype predicts that this powerful technology will be quickly deployed to usher in a utopian
era of harmony and leisure, in which the power of AGI is used to address all of society’s ills, cure
all disease, and create economic prosperity such that there is a superabundance of benefits for all the
world’s citizens (Altman, 2024; Kurzweil, 2005).

AI Hype narratives are frequently associated with the leaders of AI startups and the venture capitalists
who fund them, includng OpenAI CEO Sam Altman’s essay “The Gentle Singularity” (Altman, 2025),
Anthropic CEO Dario Amodei’s blog post “Machines of Loving Grace” (Amodei, 2024), venture
capitalist Vinod Khosla’s essay “A Roadmap to AI Utopia” (Khosla, 2024), and venture capitalist Marc
Andreesen’s blog post “The Techno-Optimist Manifesto” (Andreessen, 2023). Similarly, technology
entrepreneur Elon Musk has made predictions that within about a decade, work and money will be
made irrelevant by advances in AI and robotics (Rogelberg, 2026).

This techno-utopian narrative is reflected in the founding charters of several prominent frontier AI
companies – OpenAI was founded as a non-profit with the goal of creating AGI so that it could distribute
its benefits to all of humanity (OpenAI, 2018), Anthropic was founded as a public benefit corporation
to ensure that transformative AI would positively benefit humanity (Anthropic), and DeepMind (now
Google DeepMind) was founded with a goal of solving intelligence to benefit humanity (Mallaby,
2026).

Some variants of the AI Hype narrative assert not only that we are rapidly approaching AGI that will
positively transform society, but also that these systems have become so advanced that they are, or may
soon be, conscious. Philosopher David Chalmers (Long et al., 2024), former OpenAI Chief Scientist
Ilya Sutskever (Sutskever, 2022), Google VP Blaise Aguera y Arcas (Agüera y Arcas, 2022), Nobel
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Laureate Geoffery Hinton (Hinton, 2025b), and other prominent figures have all indicated they think
that AI consciousness is possible or even likely. Anthropic has hired an ethicist to investigate the “AI
welfare” of its Claude AI model (Anthropic, 2025b), taking actions such as cutting off angry user
interactions with Claude in case Claude is an entity who may be emotionally harmed by users’ vitriolic
inputs; Anthropic has also evolved Claude’s Constitution (Askell et al., 2026), a document of values
and rules that guide Claude’s operation, to reflect the attitude of a parent conveying ethical norms to its
child (Perrigo, 2026).

AI Hype narratives in the media can have a negative impact on the public’s AI Literacy by leading them
to overtrust the capabilities of current AI systems and overestimate the rate at which technologies will
be improved and adopted. Narratives that hype only positive impacts of AI with utopian visions of
superabundance risk preventing the public from offering appropriate critiques of AI and developing
systems and/or regulations to mitigate potential negative impacts.

Narratives that exaggerate the effectiveness of current systems as being akin to (or well beyond) human
capabilities risk users’ misunderstanding important differences between AI systems and humans, and
may result in overreliance (Morris et al., 2026), the formation of parasocial emotional relationships
(Gabriel et al., 2024), or even the formation of diety-like beliefs about AI (Morris & Brubaker, 2025),
among other risky behaviors. For example, today’s models exhibit jagged spikes and valleys in abilities,
with a very different distribution of strengths and weaknesses than human populations (Morris et al.,
2026); attributing human-like distributions of skills can mislead users to overgeneralize from strong
performance in some areas, resulting in misapplying current AI tools to areas for which they are not
yet well-suited. Further, narratives predicting extremely fast trajectories to superintelligence and thus
superabundance may encourage risky behaviors such as changes in saving, investing, education, and/or
employment strategies (Quiroz-Gutierrez, 2026).

Hype narratives assume an extremely fast trajectory of AI adoption. However, the trajectory of self-
driving cars offers a cautionary counter-narrative. While robo-taxi services like Waymo are beginning
to be deployed in select cities, largescale rollout of self-driving vehicles has been much slower than
initially predicted even though the technology is available and has safety track records outperforming
human drivers (Waymo, 2025). Negative public attitudes about self-driving vehicles, including concerns
that they steal jobs from human drivers, misunderstandings about their safety records, and expectations
that they should be held to a higher standard than human drivers, as well as regulatory and infrastructure
challenges, have all slowed the deployment of this technology (American Automobile Association,
2025; Lee, 2025; West, 2024); a similar fate may befall modern general AI systems, thus slowing the
adoption trajectory.

In the short to medium term, adoption trajectories are bottlenecked by limits on computation such
as chip shortages (Sanders et al., 2026) and the need for data center and power grid infrastructure
(International Energy Agency, 2025; Schneider, 2024). Such trajectories are likely even slower in areas
such as the Global South, which often lack the infrastructure to run and utilize modern AI at scale
(World Bank, 2025). National security concerns may also cause governing bodies to limit access to
powerful future AI models (Hendrycks et al., 2025), thus limiting their ability to directly and uniformly
benefit all of humanity. Some AI organizations and economists (Anthropic, 2025a; OpenAI, 2026b)
have put forth proposals for redistributing the wealth AI is forecast to create via mechanisms such as
Universal Basic Income, sovereign wealth funds, and/or robot taxes; however, there is currently no
concrete public indication that the U.S. government has any serious near-term plans to implement such
policy ideas, suggesting that the potential for a fast and positive financial impact trajectory for the
general public is likely slower than Hype narratives predict.
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Further, a key aspect of the impact trajectory assumed in Hype narratives is the assumption that
technology can solve humanity’s problems; however, many problems do not have simple technological
solutions, and instead are social or socio-technical in nature. For example, the invention of new mRNA
vaccines for COVID-19 did not “solve” the COVID pandemic – some who wanted the vaccine could not
get access to it (including many countries in the Global South), and some people who did have access
chose not to take the vaccine. Technology alone does not necessarily solve all complex problems.

The attribution of extreme positive valence to AI in Hype discourse is called into question by the AI
safety community. Indeed, the challenge of how to ensure that AI is aligned with human values remains
an open area of inquiry (Christian, 2020). Additionally, for AI to be viewed positively at a global scale
would require pluralistic alignment (Sorensen et al., 2024), i.e., finding a way to align the values of AI
that recognizes individual and cultural variance, since there is no universal definition of correct values.
Successful pluralistic alignment remains aspirational as a goal; it is unclear that a single AI system
could ever be viewed as a universal positive by diverse global communities with varied value systems.

Suggestions that current AI is conscious, present in some Hype narratives, are controversial and generally
not widely accepted by scientists and philosophers (Comsa, 2026). Questions of whether future systems
could have some form of consciousness are more ambiguous and a topic of much academic debate;
however, current scientific methods cannot determine machine consciousness – indeed, the definition
of consciousness in people in some situations such as newborns or those in a coma is still an open
area of scientific inquiry (Seth, 2022). Focusing instead on how the perception of consciousness in AI
systems comes about for end-users, and what impacts such attitudes may have, may be a more tractable
area for public discussion, particularly as it relates to developing AI Literacy and supporting safe and
responsible use of AI (Comsa, 2026).

3.2 AI Doom

AI Doom narratives emerge from assuming a negative valence for AI combined with strong effectiveness
and rapid improvement trajectories. Portrayals of AI Doom in the media focus on existential and
catastrophic risks of AI. Existential risks are those that would literally result in the extinction of the
human race, and might result from a superintelligent AI system (Bostrom, 2014) that is unaligned with
human values (Christian, 2020). Catastrophic risks focus on risks that might harm a large number
of people, often through the misuse of powerful AI systems by human actors, such as to design and
deploy advanced weapons (Hendrycks et al., 2025; Suleyman & Bhaskar, 2023; Kumar et al., 2025) or
to commit serious cybercrimes (Carlini et al., 2026; Microsoft Threat Intelligence & OpenAI, 2024;
Google Threat Intelligence Group, 2026).

A key proponent of the AI Doom narrative is Eliezar Yudkowsky, who founded the Machine Intelligence
Research Institute (MIRI) and recently co-authored a book called If Anyone Builds it, Everyone Dies
(Yudkowsky & Soares, 2025). Yudkowsky’s book conveys an extreme narrative of AI Doom, assigning
a p(doom) value of nearly 100%. Yudkowsky’s book uses a series of thought experiments to convince
his readers that the creation of superintelligence would result in the extinction of humanity, essentially
arguing that superintelligent computing systems would by definition develop their own goals, have
the ability to defeat humans in order to advance those goals, and be so complex that humans would
be unable to control them. This approach of using thought experiments to illustrate long-tail but
extremely dangerous hypothetical scenarios around AI was popularized by the Oxford philosopher Nick
Bostrom, whose influential book, Superintelligence (Bostrom, 2014), famously discusses the concept
of a “paperclip maximizer” – a misaligned, superintelligent AI that destroys humanity in its quest to
harvest all of the planet’s resources to create paperclips.
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AI Doom perspectives have been espoused by more mainstream figures in the technology industry and
academia, as well. One of the most influential proponents of Doom narratives is Geoffrey Hinton, a
University of Toronto computer scientist and retired Google executive whose early research on neural
network technology earned him the ACM Turing Award and the Nobel Prize in Physics; Hinton has
given interviews in which he has indicated his own p(doom) as 10%, 20%, or even 50% (Hinton, 2025a;
Mallaby, 2026).

In 2023, many scientists and entrepreneurs signed a statement asserting that, “Mitigating the risk of
extinction from AI should be a global priority alongside other societal-scale risks such as pandemics
and nuclear war” (Center for AI Safety, 2023). Signatories included Microsoft co-founder Bill Gates,
Google DeepMind CEO Demis Hassabis, Anthropic CEO Dario Amodei, OpenAI CEO Sam Altman,
ACM Turing Award Winner Yoshua Bengio, and many other influential figures. Some signatories may
not have intended to advocate fast-trajectory, high-probability AI Doom scenarios, but rather hoped to
signal to policymakers that there was a non-zero risk of serious harms from AI, potentially over very
long time horizons (Mallaby, 2026); however, media coverage amplified the negative valence and fast
trajectory angle with headlines implying that credible authorities felt AI-caused human extinction may
be near (e.g., (Roose, 2023)).

Media narratives that promulgate AI Doom may lead the public to overestimate the likelihood of
extremely low-probability events and to overestimate the capabilities of AI. While considering a broad
range of realistic and hypothetical outcomes of AI development is important for AI researchers and
policymakers as part of a balanced portfolio of strategic planning and risk management, such narratives
may confuse the general public about the near-term probabilities of existential and catastrophic risks.

The extreme negative valence of Doom narratives may result in AI backlash that causes people to
overgeneralize about the risks of AI and reject safe and beneficial technologies, such as safe and robust
applications of AI to medical, scientific, and cybersecurity advances. In extreme cases, Doom narratives
might endanger the safety of those working on AI by inspiring members of the public to take violent
action to mitigate hypothesized risks, as in the case of an individual who attacked the home of OpenAI
CEO Sam Altman and attempted to set fire to the headquarters of OpenAI in early 2026 (Reuters, 2026).

By encouraging the public to focus on long-term, long-tail risk scenarios, Doom narratives might
negatively impact AI Literacy by usurping focus from more pressing critiques of AI technologies that
are likely to be more relevant to members of the general public, such as how AI may impact their
physical and mental health, their interpersonal relationships, their education and labor opportunities,
the environment, and geopolitics (Hanna & Bender, 2023) – however, current evidence suggests that
while Doom narratives do increase the public’s fears about x-risk, they do not seem to lower people’s
concern regarding other AI risks (Hoes & Gilardi, 2025).

Ironically, Doom narratives may also lead people to overtrust AI, because these narratives position AI
as being extremely effective. Many Doom narratives also attribute consciousness to current or future AI
systems, suggesting they may have their own goals that they choose to pursue at the expense of harming
humankind; such narratives may encourage the public to attribute consciousness to AI systems, even
when such determinations are not warranted by current scientific consensus (Comsa, 2026).

3.3 AI Denial

AI Denial narratives result from the combination of ascribing a negative valence to AI, low effectiveness,
and slow improvement trajectories. AI Denial argues that AI technologies are not and can never be
“intelligent” in the same way as humans, and therefore cannot work as promised by their developers.
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Further, Denial narratives ascribe an extremely negative valence to AI, often arguing that the technology
will increase societal inequalities, either by increasing income inequality (with the profits from AI going
to technology companies or startup founders while others may lose their jobs to low-performing systems
that do not work as well as the humans they replaced) or by increasing the gaps between favored and
marginalized societal groups (i.e., due to AI fairness concerns such as the use of AI to automate policing,
access to social services, hiring processes, and other areas of life in which latent biases in such systems
may disadvantage historically marginalized identity groups (Gallegos et al., 2024; Whittaker et al.,
2018)). Note that these arguments appear to be in conflict with each other – many Denial narratives
simultaneously suggest that AI is ineffective, yet nonetheless may be adopted too quickly, thereby
causing harm. AI Denial arguments often suggest that the financial, environmental, and/or attentional
resources society is directing toward AI development are being wasted on an undesirable and ineffective
technology (Bender et al., 2021; Crawford, 2021; Narayanan & Kapoor, 2024; Thais, 2024).

An example of this narrative can be found in linguist Emily Bender’s and sociologist Alex Hanna’s
book, The AI Con (Bender & Hanna, 2025), which uses semantic arguments to suggest that AI is a
“con” because it cannot ever have the richness of human intellect and experience, arguing instead that
modern AI systems are merely “stochastic parrots” (Bender et al., 2021) that use statistical processes to
present an illusion of knowledge via fluent text production with no true understanding. Indeed, they
argue against the use of the term “artificial intelligence” as being intentionally misleading to consumers,
and instead they use alternate terminology such as “synthetic text-extruding machines” and even “racist
pile of linear algebra” – this latter term is meant to reinforce the negative valence they ascribe to AI,
i.e., the idea that it is dangerous for society to adopt such systems, which may be ineffective such as by
encoding racial biases learned from training data.

Another representative of the AI Denial viewpoint is Gary Marcus, an emeritus professor of psychology
and neural technologies at NYU, whose substack Marcus on AI (Marcus, 2022) includes AI Denial
commentary. Marcus’ posts have provocative titles such as, “Turns out Generative AI was a scam”
(Marcus, 2026) and “Why the collapse of the Generative AI bubble may be imminent” (Marcus,
2024). Unlike Bender and Hanna, who take issue with the idea that any computational system can
possess intelligence, Marcus’ form of Denial is more focused – he believes that the current technical
approach underpinning modern generative AI systems will never succeed and therefore assumes weak
effectiveness and a slow technical trajectory. Today’s systems are primarily driven by taking the
transformer architecture (Vaswani et al., 2023) and applying scaling laws (Kaplan et al., 2020) with
large amounts of data and compute, along with reinforcement learning (Ouyang et al., 2022; Silver
et al., 2017), whereas Marcus argues that neuro-symbolic methods that explicitly encode knowledge
and logical reasoning would be a more fruitful technical approach (Marcus & Davis, 2019).

AI Denial narratives threaten the public’s development of AI Literacy by encouraging the public to
ignore this important class of emerging technologies because they argue that they have extremely low
effectiveness and that the technical trajectory to improvement will also be quite slow. Indeed, some AI
Denial commentary actively discourages the public from using technologies such as LLM-powered
chatbots (Bender & Hanna, 2025), which may cause those who consume Denial narratives to lack
knowledge and skills, thereby growing digital divides.

While current AI systems are imperfect, the Denial narrative of extremely low effectiveness ignores
evidence that AI offers utility for many people and many application areas. ChatGPT was the most
quickly adopted technology in history, with the market for LLM-powered chatbot users growing from
zero to one hundred million active users within two months (Hu, 2023). AI-powered coding tools
have changed the coding industry – established technology companies and startups alike now strongly
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encourage or even mandate the use of agentic coding tools because of their proven utility, evidenced
by recent systems scoring 87.6% on SWE-Bench (Anthropic, 2026), with senior leaders at several
companies stating that high percentages of their employees’ code is written with or by AI. Modern
AI systems have led to scientific advances such as drug discovery (Bai et al., 2023; Mullin, 2026)
and novel solutions to longstanding challenges in mathematics (Alexeev et al., 2026; OpenAI, 2026a;
Alon et al., 2026). AI-powered software helps doctors spend more time with patients by performing
automated note-taking (Tierney et al., 2025), and supports in analyzing medical data and imagery,
allowing doctor-AI teams to be more effective at diagnosis than doctors working alone (Krakowski et al.,
2024; Gommers et al., 2026). AI is able to identify serious cybersecurity issues in widely available
software that human security experts could not find (Carlini et al., 2026; Microsoft Threat Intelligence
& OpenAI, 2024; Google Threat Intelligence Group, 2026). These are just a few examples that illustrate
the fallacy of the AI Denial narrative regarding effectiveness of current systems – while there are many
things to improve about AI, to suggest that it does not offer any value is inaccurate.

AI Denial often suggests that individuals and society should not adopt AI because it does not have
perfect accuracy or reliability. For example, AI systems might make mistakes, perhaps even mistakes
that are systematically biased against certain demographic groups, due to biases in training data, such
as in medical diagnosis or resource allocation (Whittaker et al., 2018). However, choosing appropriate
baselines for comparison is important to analyzing effectiveness. The threshold for AI deployment for
most use cases need not be perfection, but comparison to current, realistic baselines for correctness and
cost. Human doctors make mistakes in diagnosis; if an AI diagnosis system makes mistakes but makes
fewer mistakes than human doctors, this might be of great benefit to many people, even if it is not
perfect. Human policymakers exhibit bias (conscious and unconscious) among various demographic
groups in resource allocation; even AI systems that have some residual bias may in practice have
less biased outcomes than current processes, and such biases may be easier to audit than latent biases
in human decision makers (Kleinberg et al., 2018). Alternatively, society may be willing to accept
small tradeoffs in accuracy for some tasks if costs are lowered (Li et al., 2026). Helping the public
understand the baselines for comparison for judging AI’s effectiveness, and the dimensions to consider
when making decisions about whether to deploy AI (accuracy, costs, baselines, tradeoffs) is a critical
component of AI Literacy that is not conveyed through Denial narratives that demand perfection before
adoption.

The focus of some AI Denial narratives on the semantics of the term “Artificial Intelligence” is perhaps
well-intentioned from an AI Literacy standpoint, but is largely moot from a practical standpoint.
Artificial Intelligence has become a “term of art,” and most academics and companies in the AI space do
not make any claims that AI is literally “intelligent” in the same way as a human; rather, most focus on
the practical capabilities of AI systems rather than amorphous definitions of the semantics of the word
“intelligence.” However, conveying that AI, while useful for many tasks, need not be conflated with
human intelligence or with human-like depictions of AI from science fiction should be an important
component of responsible AI discourse.

3.4 AI Normalcy

AI Normalcy narratives have neutral-to-positive assumptions about AI valence, but combine this with
moderate effectiveness and slow improvement, adoption, and impact trajectories. Essentially, AI
Normalcy suggests that today’s improvements in AI should not be viewed differently than past innova-
tions, that they will not radically disrupt society, and that therefore there is no urgency for individuals,
communities, organizations, or governments to take drastic actions regarding AI preparedness.
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A representative example of this narrative is Princeton computer scientists’ Arvind Narayanan’s and
Sayash Kapoor’s 2025 essay, “AI as Normal Technology” (Narayanan & Kapoor, 2025), which argues
that while modern AI technologies have made some noteworthy progress, these technologies should be
viewed similarly to other past innovations such as electricity or personal computers, which required
decades to reach mass adoption and demonstrate concrete productivity gains. MIT Roboticist Rodney
Brooks is another prominent AI Normalcy advocate, arguing that short term predictions about technolo-
gies’ impacts tend to be overblown, whereas long-term adoption and uses (over the course of decades)
can be unanticipated (Brooks, 2017).

Economic analyses that anticipate labor replacement due to AI as likely to be relatively slow (Bryn-
jolfsson et al., 2021), that any job losses will be offset by gains from new classes of AI-enabled jobs
as has been the pattern with past technologies (Autor, 2015; World Economic Forum, 2025), or that
AI-enhanced productivity will drive further demand for labor rather than replace it (i.e., a Jevons
Paradox) (Jevons, 1865) are also AI Normalcy positions. Invocation of the Solow Paradox (the idea that
“You can see the computer age everywhere but in the productivity statistics”) (Triplett, 1999) is another
example of an AI Normalcy stance.

The AI Normalcy narrative thus argues that adoption and impact trajectories are likely to be slow, due
to the need for individuals and businesses to understand how to integrate novel AI technologies into
their workflows effectively, for the technologies to become reliable and cheap enough that it is cost
effective to use them at scale, and due to the likely need to overcome societal frictions to fast adoption
such as those introduced by labor unions, regulators, or public backlash.

Note that AI Normalcy is less “extreme” per the VET framework than the Hype, Doom, and Denial
narratives. In particular, the Normalcy narrative tends to view effectiveness as moderate rather than
weak, and is relatively neutral regarding the valence of AI. The Normalcy narrative assumes a very slow
adoption and impact trajectory, however, as well as a relatively slow technical trajectory – for instance,
expressing skepticism that AGI or superintelligence are meaningfully defined terms and/or realistic
technical goals (Narayanan & Kapoor, 2025).

This nuanced analysis of Normalcy narratives demonstrates how the VET Framework goes beyond
prior taxonomies of AI perspectives such as Gilardi et al.’s ontology of existential risk, accelerationist,
immediate risk, and balanced risk (Gilardi et al., 2024) – AI Normalcy arguments would likely be
categorized as “balanced risk” in their framework, suggesting such views are the desired and accurate
narrative. However, with the VET framework, we see that while AI Normalcy is less extreme in its
positioning regarding valence and effectiveness than other prevalent narratives, it nonetheless poses
risks to AI Literacy because of its slow positioning along the trajectory dimension. Normalcy narratives
risk a public that is unprepared for the rate and degree of personal and societal changes that many
experts expect AI to bring (Murphy et al., 2025).

People are generally bad at understanding exponential growth curves (Wagenaar & Sagaria, 1975);
the Normalcy narrative projects a non-exponential adoption and impact trajectory of AI, in line with
previous technologies. However, current evidence suggests this view of AI’s trajectory is inaccurate.
For example, the recent case of Anthropic’s Mythos model needing to be withheld because it was able
to identify a large number of critical cybersecurity flaws (Carlini et al., 2026) is an example of AI
creating a serious and rapid step-change in cyber capabilities, requiring national security responses and
potentially having serious geopolitical implications. The recent successes of AI in discovering novel
solutions to longstanding open challenges in mathematics (Alexeev et al., 2026; OpenAI, 2026a; Alon
et al., 2026) is another hint that this technology is on a much steeper impact trajectory than Normalcy
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suggests.

Indeed, another piece of evidence that Normalcy discourse likely underestimates the technical trajectory
of AI is that frontier AI labs are openly pursing a strategy of recursive self-improvement (Zelikman
et al., 2024) for AI research and development, in which they invest in optimizing AI tools for writing
code and performing AI research. The goal of recursive self-improvement is to bootstrap the rate of
AI development, potentially enabling a fast takeoff (Bostrom, 2014) or intelligence explosion (Good,
1965) of AI capability since AI that can speed up its own development will logically accelerate future
AI advances. This strategy is already bearing fruit, as evidenced by the acceleration of utility of
agentic coding tools (Carlini et al., 2026; Anthropic, 2026), which have now been widely adopted
throughout the AI industry. The impacts of these changes are being reflected not only in the pace
of AI development, but in changes to the labor market for software developers, including substantial
layoffs at some software companies that are choosing to rely more on AI coding tools (Angelo, 2026;
Ruwitch, 2026) and a slowdown in hiring for junior coding positions (Brynjolfsson et al., 2025a). Such
developments provide counter-evidence to the narrative that AI will mature and be adopted at a rate on
par with prior technologies, providing early signals of a faster-than-anticipated adoption trajectory in
some sectors.

While bottlenecks to adoption certainly exist, including social issues such as AI backlash among
some segments of the general public (McClain et al., 2025), potential future changes in the regulatory
landscape, and Amdahl’s Law (Amdahl, 1967) bottlenecks on the extent to which AI alone can speed
up particular industries or processes, the Normalcy narrative risks fomenting complacency among
the public and policymakers by leading them to underestimate the time they may have available to
prepare for and adapt to likely impacts of AI. This might include both personal preparedness decisions
such as re-skilling and collective preparedness decisions such as advocating for particular policies or
regulations.

The VET framework also offers insight into why Normalcy narratives may be less prevalent in the media
ecosystem than Hype, Doom, or Denial. Traditional and social media tend to amplify more extreme
narratives and narratives with negative valence (Rathje et al., 2021; Brady et al., 2017; Robertson
et al., 2023) – because Normalcy is less extreme in its predictions about the valence, effectiveness, and
trajectory of AI than competing narratives, it may receive less media traction.

4 Conclusion
In this article, I introduced the VET Framework, a new tool for supporting AI Literacy by providing
a method of analyzing AI discourse using the dimensions of valence, effectiveness, and trajectory.
Valence reflects whether an AI narrative depicts AI as negative or positive, including considerations of
AI’s current and future impacts, meta-issues such as attitudes toward the technology industry, privacy,
and capitalism, and even the positive or negative motivations that a hypothesized sentient AI might itself
possess. Effectiveness encompasses whether an AI narrative positions AI as weak or strong, including
considerations of the accuracy and reliability of AI systems, potentially with respect to human baselines.
Trajectory considers whether a narrative positions AI progress as slow or rapid, including the technical
trajectory for AI progress, the adoption trajectory of AI by individuals and organizations, and the rate at
which AI will impact society.

In this article, I have demonstrated how the framework allows for identifying, comparing, and analyzing
prevailing media narratives about AI by using the framework to characterize AI Hype, AI Doom,
AI Denial, and AI Normalcy based on their depictions of AI’s valence, effectiveness, and trajectory.
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This framework can support AI Literacy by offering a method to systematically “vet” the quality of
arguments about AI using these three analytical dimensions. I hope that the VET Framework can be
a useful tool for policymakers, the media, and the general public to support nuanced discussion and
analysis of both the current state of AI and its likely future.
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